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Pohutukawa blooms this
time of the year in New
Zealand. As the flowers
fall, the ground
undemeath the trees look
spectacular.
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In common relation extraction applications, we often need to generate negative examples in order to
— Ny = train a good system. Without negative examples the system will tend to classify all the variables as
® 7 ‘/ positive. However for relation extraction, one cannot easily find enough golden-standard negative

examples (ground truth). In this case, we often need to use distant supervision to generate negative

examples.
Negative evidence generation can be somewhat an art. The following are several common ways to
generate negative evidence, while there might be some other ways undiscussed:

¢ incompatible relations

* domain-specific knowledge

¢ random sampling

http://deepdive.stanford.edu/generating_negative_examples



HEHHYFEICHEITHORNAEEH

c IUA LIZEREINT-LDAARHBIZEVWEEHFIH
e SAKRFBDREETUA LIZTTNILFEERICELZLIENTESD
o A7, MEEERKBIRIXAIEE=AS
e RAIZZN TTrainingcn=F Al (T HZIMN ?
o [REDHBANZERIDHEDEEFNENLZIET
o SVMIZEITBSupport VectorD K54 D
s SUALIBAEFEREICEZANIETHDEOL. BELEDH.
« ZHLZELFREELEHLLEDS

« ERRICADREEA M7

NED, (&

WIFYIREIZE A S A2

=5 TIXZEL VA



HIBEA TSV T+ — L

Sensor-ful kitchen @Lab Lightly equipped kitchen @Home
i



EIRBETOT—XDEE

FERALI=/\—Foxz7(ChIZmZ, BIEH)







EFERS

eLoglI REICEFAIRIEMNTES-

[ B{RTZITTIXES, INILHAKE
« 1R DERAET—RITx 9 5
AFTOIANILAT

o Bl [E I Qo125

D EX

H_‘— 1OH£FEﬁ$EI

hT)

& TIE)



FrLUHR

Life logging [Z#5%<, Life dictation ~ @ HXY)#H A

ESFERZEHETORKICAITE,
BITRNIHT DI ANILAFIT




FEH

 HEHYUFEICHITARWASEHIEE?
e User Generated ContentsM oD T—RUNEIZIFIR AL H S

* ADAZ2Z7 =3 ADEKRICERLNT=,
MRIIRWLDM RO T —2LNIRETELZLNDTIE?

 BEHOSUH LEFHEPEEEZ TS
. EHRTHRASNIEHIE |
(ADBHIZ LN BN DDLT)RET S EABETIHAL D

o Life loggingM R D EXFEEL T, Life DictationMAETILE LI ?
s TNOTARIZIZFHLLD ?



	教師あり学習における�良い負事例とは？�～ PRMU第二期グランドチャレンジ ～
	簡単に自己紹介
	PRMU 第一期GC 10大チャレンジテーマ
	機械学習の技術の深化
	なぜUser Generated Contentsが有効か
	例えば調理の文脈では…Cookpad
	「調理支援システム」は何を支援するべきか
	UGCの限界点
	負事例の生成
	教師あり学習における良い負事例
	調理観測プラットフォーム
	実環境でのデータの取得
	実験環境
	問題点
	チャレンジ目標
	まとめ

